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Abstract— The visible-shortwave infrared Advanced Hyper-
spectral Imager (AHSI) is a payload onboard the Gaofen-5
satellite, which is China’s first hyperspectral satellite and is
part of the Chinese High-Resolution Earth Observation System.
As a supplement to the onboard radiometric calibration of
the AHSI instrument, vicarious calibration is also required,
which is independent of the instrument-based calibration. In this
article, a reflectance-based vicarious calibration approach is
presented, which takes surface reflectance data, aerosol data,
and atmospheric water vapor data into account. The Dunhuang
test site, which is one of the China Radiometric Calibration
Sites (CRCS) for the vicarious calibration of spaceborne sensors,
possesses stable, uniform, and measurable surface objects, so it
was chosen as the radiation source to replace the laboratory
and onboard calibrators. A Spectra Vista Corporation (SVC)
spectral radiometer and a CE318 sun photometer were utilized
for the measurement of the surface reflectance and the condi-
tion of the aerosol, respectively. The radiance at the entrance
pupil at the top of atmosphere was then obtained through the
MODerate resolution atmospheric TRANsmission (MODTRAN)
atmospheric transmission model. The surface reflectance was
obtained using the Fast Line-of-sight Atmospheric Analysis of
Hypercubes (FLAASH) atmospheric model for validation. The
results show that, with regard to the calibration coefficients,
the calibrated AHSI instrument presents a stable radiometric
performance among different land-cover types. The ratios on
all the bands are between 0.8 and 1.2 and are consistent with
the reflectance data from the Dunhuang test site. The R2 values
are all greater than 0.95 and the spectral angle is all less than
2◦. The standard deviations of the ratios are less than 3% for
each chosen band, which proves that the calibrated data have a
high consistency with the in situ measurements. When compared
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with Landsat 8 and Sentinel-2, the mean errors of the surface
reflectance are all under 0.06, which further demonstrates that
the calibrated reflectance has a high accuracy.

Index Terms— Advanced Hyperspectral Imager (AHSI),
Gaofen-5 (GF-5), hyperspectral, radiometric calibration,
vicarious calibration.

I. INTRODUCTION

W ITH the advent of hyperspectral imagery, which is
designed to identify and analyze the physicochemical

characteristics of land cover, the importance of absolute radio-
metric calibration has come to the fore. The Gaofen-5 (GF-5)
satellite is an important part of the China High-resolution
Earth Observation System (CHEOS). GF-5 carries two optical
imaging sensors, along with an atmospheric infrared ultra-
spectral sounder, a greenhouse gas monitoring instrument,
an environmental trace gas monitoring instrument, and a direc-
tional polarization camera [1]. The visible-shortwave infrared
(SWIR) Advanced Hyperspectral Imager (AHSI), which was
designed by the Shanghai Institute of Technical Physics,
Chinese Academy of Sciences, Shanghai, China, is one of
the main payloads onboard the GF-5 satellite. The AHSI
instrument was developed covering 330 spectral bands to
characterize the solar reflective regime from 400 to 2500 nm,
with a narrow swath width of approximately 60 km. The
spectral resolution is about 5 nm for the visible and near-
infrared (VNIR) region from 400 to 1000 nm and about 10 nm
for the SWIR region from 1000 to 2500 nm. The spatial
resolution is around 30 m [2].

To ensure the precision of the radiometric measurements
of the AHSI instrument, radiometric calibration is required
[3], [4]. Due to the interference of atmospheric transmis-
sion, the distortion error of the optical system, variation in
the zenith angle and terrain, different observation angles,
and the aging of the observation system, there is usually a
deviation between the energy observed by the sensor and
that truly emitted or reflected by the ground object [5], [6].
In this respect, radiometric calibration helps to eliminate the
deviation and allows the data to be used in the field of
quantitative research. The objective of radiometric calibration
is to acquire the accurate quantitative relationship between the
sensor’s digital output and the radiance at the sensor’s entrance
pupil, and to then fix the calibration coefficients [7], [8].
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Radiometric calibration is required throughout the life cycle
of a hyper-spectrometer and can typically be divided into
prelaunch, onboard, and vicarious calibration [9].

Prelaunch calibration [10] in the laboratory is an essential
process that determines the central wavelength of each band,
the instrument response function, the modulation transfer
function, and so on. The results can be regarded as the basis for
the assessment of the instrument degradation [11]. It has been
proved that the radiance response is affected by both long-
term degradation and short-term fluctuation, particularly in the
orbital environment during the on-orbit periods [12], which
results in huge error if the prelaunch calibration results are
still used. For example, it was found that the degradation rates
determined for 68 months of observations were 3.5% and 6.0%
per year for the NOAA-7 and 9 satellites, respectively [13].
Furthermore, the degradation rates over about 170 days were
reported as being 6.6%, 2.4%, and 12.9% in bands 2, 3,
and 4, respectively, of the Landsat-4 Thematic Mapper [14].
In this regard, the instrument must be periodically calibrated
during the on-orbit period. In order to ensure the quantitative
accuracy, different methods can be used to execute on-orbit
calibration for the AHSI instrument. Spectral calibration can
be carried out by combining the radiometric sampling pro-
vided by the onboard LED calibrators and the atmospheric
profiles from the polarization observations. Moreover, solar-
reflected radiometric calibration can be achieved by applying
the onboard Spectralon panel, where the attenuation of the
Spectralon panel is monitored by the solar diffuser stability
monitor (SDSM). The on-orbit calibration results for the AHSI
instrument show that the radiometric error is within 5%.

However, ultraviolet radiation damages the reflective prop-
erties of the Spectralon panel, which directly determines the
calibration accuracy [15]. Therefore, the uncertainty of the
onboard calibration increases as time goes by, so vicarious
calibration, which is independent of the instrument-based
calibration, must be included as an on-orbit supplement [16].
In this study, vicarious calibration experiments were carried
out using reflectance-based methods at the Dunhuang test site
in China [17]. We also used a uniform dense grass lawn in
Xuzhou, China, for the validation of the calibration results.

The rest of this article is organized as follows. Section II
details the vicarious calibration process. Section III describes
the data and measurements used in this study. Section IV
describes the calibration results and the validation. Finally,
the conclusions of this article are drawn in Section V.

II. VICARIOUS CALIBRATION

Vicarious calibration involves selecting stable, uniform, and
measurable surface objects as the radiation source to replace
the laboratory or onboard calibrators [18]. This calibration
approach involves measuring the reflectance data of homoge-
neous land surfaces and the atmospheric properties synchro-
nously or quasi-synchronously during the image acquisition.
This task is normally done at field sites that are characterized
by a high probability of clear skies, low aerosol loading,
flat terrain, and uniform and high surface reflectance [19].
The measurements are extrapolated to establish the spectral

radiance at the entrance pupil at the top of atmosphere through
a radiative transfer model. The calibration coefficients can then
be determined by comparing the results with the radiance from
the synchronous image of the site.

In 1987, Frouin and Gautier [20] calibrated the NOAA-7,
GOES-5, and GOES-6 VISSR/VAE solar channels based on
the White Sands Missile Range in New Mexico in USA, which
features well-known reflectance properties, and the calibration
accuracy was improved by 8%–13% on the considered chan-
nels. With respect to the gradual reduction on wavelengths
and the oscillatory variations in the mid-infrared region of
the Thematic Mapper sensor, Slater et al. [21] calibrated the
Landsat 5 Thematic Mapper sensor at the White Sands test
site over a period of 22 months, during which time the nadir-
view reflectance, aerosol optical depth (AOD), atmospheric
pressure, temperature, and humidity were measured during the
sensor image acquisition. The results showed a 2.8% standard
deviation for the six solar reflective bands. This calibration
experiment was the first truly vicarious calibration, and it
laid the foundation for the future development of on-site
calibration.

In situ measurements are used to determine the spectral
directional reflectance of the surface and the spectral opti-
cal depth components causing scattering in the atmosphere
(aerosols and molecules). The in situ measurement methods
can be divided into three main categories: 1) reflectance-based
methods; 2) irradiance-based methods; and 3) radiance-based
methods [22]. Reflectance-based methods depend on ground-
based measurements, such as surface reflectance, aerosol,
atmospheric water vapor, and so on. These measurement data
are inputted to a radiative transfer model to obtain the top of
atmosphere radiance. Irradiance-based methods are basically
the same as the reflectance-based methods, but the main dif-
ference is that the parameters of the AOD model are measured
in irradiance-based methods, such as the downwelling, global,
and diffuse irradiances, while the parameters are calculated by
the radiation transfer model in reflectance-based methods [23].
Radiance-based methods are based on the cross-calibration
where the calibration of one satellite sensor is transferred to
other uncalibrated systems. In situ vicarious calibration has
developed rapidly since the 1980s, particularly for business
applications such as the SPOT satellite. Test sites have been
built in many countries, including the aforementioned White
Sands Missile Range in New Mexico, Lake Frome in South
Australia, El Lencito (Barrio Blanco) and Salar de Arizaro in
Argentina, Lunar Lake and Railroad Valley in USA, La Crau
in southern France, and Dunhuang in China.

Because of the simple and effective operation, reflectance-
based methods are commonly utilized for the radiomet-
ric calibration of Hyperion, NOAA-9/10/14, SPOT-4 VGT,
Landsat-7 EMT+, GOES-7 VISSR, and the Medium Resolu-
tion Spectral Imager (MERSI), with an accuracy of up to 97%
[19], [24], [25]. Based on the widespread application and
the mentioned advantages, the reflectance-based methods were
utilized for the radiometric calibration of AHSI instrument.
In the reflectance-based calibration methods, measurement of
the surface reflectance, aerosol, and atmospheric water vapor
is needed to calculate the radiance at the entrance pupil of the
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AHSI instrument, based on the radiative transfer model. After
field investigation ahead of the schedule, a uniform part of the
site of about 2 km × 2 km was selected for the subsequent
experiments. During the half-hour periods before and after
the overpass of the GF-5 satellite, we collected the surface
reflectance data over the chosen part using the Spectra Vista
Corporation (SVC) spectral radiometer and a diffuse white
reference panel. Meanwhile, the sun photometer was used for
the measurement of the direct solar irradiance. After extracting
the digital number of the pixels corresponding to the measured
surface and calculating the average, the calibration coefficients
of all the bands could be achieved by linear regression between
the digital number and the radiance at the entrance pupil at
the top of atmosphere.

A. Radiative Transfer Model

The MODerate resolution atmospheric TRANsmis-
sion (MODTRAN) model was selected as the radiation
transmission model in this work, as it can accurately
simulate the top of atmosphere radiance by inputting different
surface parameters, including atmospheric parameters, sensor
parameters, observation geometric parameters, and so on.

The radiance observed by the AHSI instrument is composed
of two parts: one part is the energy of the surface radiation
reaching the sensor after atmospheric attenuation, and the
other part is path radiance, which represents the amount of
solar radiation directly backscattered to the sensor by the
atmosphere. The mathematical expression of this process is
as follows:

L = L p + ρs

1 − Sρs
E0μiγiγν (1)

where L represents the radiance on the entrance pupil of the
sensor, LP describes the contribution of the path radiance, and
the second term of (1) corresponds to the attenuated energy.
ρs is the surface reflectance measured by the SVC spectral
radiometer, S is the spherical albedo of the atmosphere,
E0 denotes the solar radiation flux at the top of atmosphere,
μi represents the cosine of the incident angle, and γi and γv are
the atmospheric transmittance in the incident direction and the
surface to the sensor direction, respectively. Finally, the surface
reflectance can be expressed as follows:

ρs = L − L p

E0μiγiγν + (
L − L p

)
S

. (2)

If ρs is set to 0, then LP equals L. After defining F = E0μi

γiγv , there are only two unknowns in (2): F and S. The
values of S and L can be determined empirically for a certain
atmosphere from the MODTRAN model by inputting two
different surface reflectance values, such as 0 and 0.5. After
this, L can be calculated by substituting the surface reflectance
measurement obtained from the ground into (2)

L = L p + ρs F

1 − ρs S
. (3)

To account for possible variations in column water vapor
across the scene, the solar and satellite angles of the measure-
ment, the aerosol conditions, the temperature, and the water

Fig. 1. Solar spectrum curves.

vapor content at the scene are all used in the MODTRAN
model; the solar function is from the Kurucz database [26],
which is shown in Fig. 1; and the spectral resolution is 1 cm−1.

B. Determination of the Calibration Coefficients

The radiance at the entrance pupil at the top of atmosphere
can now be obtained. The next step is to solve the relationship
between the digital number of the pixel and the corresponding
location radiance, which can be transformed into a gain as
follows:

Gains = L

DN
(4)

where DN denotes the average digital number of the selected
part. The calculation is carried out on each band.

III. DATA AND MEASUREMENTS

A. Dunhuang Test Site

The Dunhuang test site is one of the China Radiometric
Calibration Sites (CRCS) and was chosen in 1996 as a typical
reflectance target for radiometric vicarious calibration. The site
is situated between 94.17◦ E–94.5◦ E and 40.04◦ N–40.28◦ N
in the Gobi Desert, as shown in Fig. 2, and is about 15-km
West of Dunhuang, Gansu province, China. The observation
site is located at the central part of the Danghe alluvial fan,
stretching 60 km in the East–West direction and 40 km in
the North–South direction. The elevation is approximately
1140 m, the annual precipitation is less than 30 mm, the evap-
otranspiration is between 2200 to 2400 mm, and the number
of cloudless days is 111.3 per year [27]. The surface of the
site consists of barren and flat gravel, whose particle size
ranges from 0.2 to 0.8 cm [28]. The reflectance of the site
is high overall (more than 0.25 after 600 nm), which can
ensure that direct solar radiance accounts for the majority of
the total radiance. This approach has been proved effective
in decreasing the impact of atmospheric scattering during the
calculation of the reflectance at the top of atmosphere [22].
On the whole, the geographical and climatic characteristics
contribute to the temporal and spatial stability of the spectral
features.
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Fig. 2. Geographical location of the calibration target at the test site. (a) Dunhuang test site. (b) Xuzhou test site. (c) Photograph of the ground reflectance
collection in Xuzhou.

TABLE I

AHSI DATA USED IN THIS STUDY

B. Image Data Acquisition

Four data sets obtained by the AHSI instrument were
utilized for the vicarious calibration experiments. One data set
was obtained at the Dunhuang test site on September 10, 2019,
and was used for the calculation of the calibration coefficients,
and the two data sets were acquired at the Dunhuang site on
September 11, 2018, and July 14, 2019, and were used for
the validation. The other one data set was used to explore
the calibration performance among different landcover types
which was acquired at the Xuzhou site on May 29, 2019.
Further details are provided in Table I.

A cross-validation experiment was also carried out with
Landsat 8 and Sentinel-2 images for the validation of the
radiometric performance. The details of these near-coincident
Landsat 8 and Sentinel-2 scenes are provided in Table II.

C. In Situ Data Acquisition

The CE318 sun photometer and temperature and humidity
detectors were utilized to characterize the atmospheric aerosol

and water vapor content for the calculation of the radiative
transfer model. The CAS Key Laboratory of Infrared System
Detection and Imaging Technologies, Shanghai Institute of
Technical Physics processed the data. The reflectance at the
site surface was measured by an SVC spectral radiometer.
As the AHSI instrument was scheduled to acquire an image
of the Dunhuang site on September 10, 2019, we collected
the spectral data 100 points, with a geographical location of
94.39◦ E, 40.09◦ N, as shown in Fig. 2(a) and recorded the
synchronous aerosol, water vapor content, temperature, and
humidity data, which are listed as follows.

As shown in Fig. 3, the albedo presented a stable trend with
little fluctuation around the imaging time, and was, on average,
less than 0.25, which can be attributed to the lack of vegetation
around the site.

Figs. 3 and 4 show that the AOD and water vapor at
the Dunhuang site on September 10, 2019 were of a low
amount, indicating that the weather conditions were suit-
able for vicarious calibration. The error contributed by the
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TABLE II

NEAR-COINCIDENT LANDSAT 8 AND SENTINEL-2 DATA USED IN THIS STUDY

Fig. 3. Diurnal variation of the AOD.

Fig. 4. Diurnal variation of the water vapor content.

atmosphere to satellite measurements is reduced with low
values of atmospheric parameters. Moreover, the solar function
is from the corrected Kurucz database [26], which is the

standard in MODTRAN, and the spectral resolution is 1 cm−1.

IV. RESULTS

A. Calibration Results
After radiometric calibration using the calibration coef-

ficients, the surface reflectance was obtained using the
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Fig. 5. Ratio of SVC to AHSI surface reflectance for the calibration target from 400 to 2500 nm. (a) VNIR 400–1000 nm. (b) SWIR 1000–2500 nm.

Fig. 6. Ratio of SVC to AHSI surface reflectance on the Dunhuang validation data sets from 400 to 2500 nm. (a) VNIR 400–1000 nm. (b) SWIR
1000–2500 nm.

Fast Line-of-sight Atmospheric Analysis of Hypercubes
(FLAASH) atmospheric model. FLAASH is based on MOD-
TRAN4 model, which is one of the basic components of ENVI
software and commonly used for atmospheric correction of
multispectral and hyperspectral images, and is suitable for
objects with flat surface and Lambert reflector properties.

The results are shown as the ratio in the surface reflectance,
as determined by the vicarious calibration, compared with the
surface reflectance data after removing the water vapor bands.
In this case, the surface reflectance data acquired by field
spectrometer can be considered to be the true spectra, and
the ratio is calculated as follows:

Ratio = SVC Ref

AHSI Surface Ref
. (5)

Fig. 5 shows the ratio of SVC to AHSI surface reflectance
for the calibration data set at the Dunhuang site. The cal-
ibration spectra for the AHSI instrument show a smaller
fluctuation in the VNIR range than the SWIR range at the
Dunhuang site. There are obvious peaks near 760 and 940 nm,
but the fluctuation is relatively small (about 0.05). It is mainly
affected by the water vapor absorption. The ratios of all the
bands are between 0.8 and 1.2, and more than 90% of the
bands are between 0.95 and 1.05, which are consistent with

the SVC measurements. Meanwhile, there is a slight change
below 0.2 for the ratio in the SWIR region.

B. Validation Analysis on the Three Data Sets

The selection of appropriate validation data is very impor-
tant. In order to assess the accuracy of the calibrated spectra,
the surface reflectance must be measured on different land-
cover categories, such as bare soil and grass. The validation
data were collected at the Xuzhou site on May 29, 2018, and
the Dunhuang site on September 11, 2018, and July 14, 2019.

Fig. 6 shows the ratios of SVC to AHSI on the two different
validation data sets at the Dunhuang site. Most bands have
a small fluctuation under ±0.05, except the bands among
2000 to 2500 nm which mainly caused by the water vapor
absorption. The consistency of the reflectance on calibration
data sets and validation data sets demonstrates the validation of
the calibration coefficients, besides the stability of the AHSI.
For a further validation analysis, the R2 and the spectral angle
of the calibration spectra were calculated

spectral angle = cos−1

⎛
⎝ xT

i x j√
xT

j x j

√
xT

i xi

⎞
⎠ (6)

where xi and x j are two reflectance. The smaller the spectral
angle is, the more similar the two spectra are. The value
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TABLE III

VICARIOUS CALIBRATION RESULTS COMPARED WITH THE SVC MEASUREMENTS AT THE DUNHUANG SITE

Fig. 7. Calibration accuracy on the Dunhuang validation data sets
from 400 to 2500 nm. (a) Dunhuang, July 14, 2019. (b) Dunhuang,
September 11, 2018.

of spectral angle which is less than 0.3 rad (17.2◦) can be
considered high degree of similarity [29].

Mathematically, a higher R2 corresponds to a smaller
root-mean-square error (RMSE), and a lower spectral angle
represents a similar characteristic, indicating a better model
performance.

Fig. 7 shows that the overall shape of the collected
reflectance data on Dunhuang validation data sets has a high
similarity with the reflectance-based results, as a function of
the wavelength. The R2 values are all greater than 0.95 and
the spectral angle is all less than 2◦ between the mea-
sured reflectance and the results, which can be considered
as a credible calibration. The calibration capability was then

verified using two types of land cover from the different sites.
In Table III, the wavelength was chosen corresponding to the
Visual and Infrared Multispectral Imager (VIMI), which is
the other optical imaging sensor load on GF-5. The standard
deviation is calculated as follows:

Std =
∑N

i=1(xi − x̄)2

N
(7)

where xi denotes the data acquired from different periods on
the chosen bandwidths. Std indicts the fluctuation on the same
location and the same band during the similar but different
imaging time.

The average reflectance ratio floats just a bit below 0.03
around the standard, which represents a good representation of
the average reflectance of the calibrated results. Only the bands
at about 1611 and 2201 nm show more than 2% variation
between the collected reflectance data and the vicarious pre-
dictions. The uncertainty is higher in the SWIR range than in
the VNIR range. The standard deviations of the ratios are less
than 3% for each chosen band, which can be regarded as the
level of repeatability in the calibration confidence determined
in this work.

The radiometric calibration was carried out to obtain the
reflectance data for each pixel of the image in a practical
application. In this regard, for the cross-validation, the accu-
racy should be verified among two cover types, bare and
grass. In this experiment, the ground reflectance data were
collected using an Analytica Spectra Devices (ASD) FieldSpec
portable spectrometer at the Xuzhou site. The measurement
objectives were chosen as vegetation, which includes a number
of biochemical responses in the spectrum, and bare soil.
The spectrometer was used in a relative mode where we
collected the data from a sunlit Spectralon reference panel
and recorded ratio measurements of the different land-cover
types with regard to those from the Spectralon panel. The
Spectralon panel directional reflectance factor was calibrated
in the laboratory before the field experiment. Figs. 8 and 9
show the comparison between the calibrated results and the
reflectance data collected at the Xuzhou site for vegetation
and bare soil. The ratios are around 1.0, indicating that the
calibrated results are almost equal to the ASD measurement,
except for the vegetation between 2000 and 2500 nm. The R2

values are 0.947 and 0.981 for the bare soil and vegetation,
respectively.
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Fig. 8. Ratios of the ASD to AHSI surface reflectance for the calibration target at the Xuzhou site. (a) 400–1000 nm. (b) 1000–2500 nm.

Fig. 9. Comparison of reflectance data for soil and vegetation at the Xuzhou site from 400 to 2500 nm. (a) Bare soil category. (b) Vegetation category.

TABLE IV

COMPARATION BETWEEN THE In Situ VALIDATION AND CROSS-VALIDATION

C. Comparation With Different Sensors

In this section, two complementary data sets from different
multispectral cameras are included for the further performance
assessment. The data sets for the two sites were provided
by the Operational Land Imager and Sentinel-2 sensors.
The coastal (443 nm), blue (483 nm), green (561 nm), red

(655 nm), and NIR (865 nm) bands were considered for
Operational Land Imager. The coastal aerosol (443 nm), blue
(490 nm), green (560 nm), red (665 nm), vegetation red edge
(705 nm), vegetation red edge (740 nm), NIR (842 nm), vege-
tation red edge (865 nm), water vapor (945 nm), SWIR cirrus
(1.375 nm), SWIR (1.610 nm), and SWIR (2.190 nm) bands
of Sentinel-2 were chosen for the near-coincident validation,
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Fig. 10. Reflectance comparison at different sites. (a) Dunhuang site-September 10, 2019. (b) Dunhuang site-July 14, 2019. (c) Dunhuang site-September
11, 2018. (d) Xuzhou site-May 29, 2019.

and the reflectance values of the corresponding band cen-
ter wavelengths in the AHSI instrument were interpolated.
As shown in Fig. 10, the difference when compared with
Landsat 8 at the Dunhuang site is under 0.01, which indicates
that very little bias exists in the calibration results, compared
with Landsat 8. When compared with these two sensors at
the same wavelength, the calibrated reflectance of the AHSI
instrument lies between that of Landsat 8 and Sentinel-2, and
the mean difference is under 0.06. That is, the calibrated result
of the AHSI instrument keeps a high consistency with the
Landsat 8 and Sentinel 2. Table IV gives the comparation
result between the in situ validation and cross validation and
shows that R2 values are all more than 0.94. R2 values between
different satellites imagery are greater than which of in situ
surface reflectance, which proves a high consistency of AHSI
and other two sensors. Because of the variation of the imaging
time, the spectral angle of Xuzhou cross validation site is
bigger than others.

V. CONCLUSION

In this study, surface reflectance data from the Dunhuang
calibration site in China were utilized for the radiometric cali-
bration of the AHSI instrument onboard the GF-5 satellite for
the overpass on September 10, 2019. After this, an experiment
was carried out at the Xuzhou site to verify the validity of
the calibrated spectra using a spectral radiometer. From the
coefficients obtained in this study, it can be concluded that
the calibrated AHSI instrument showed a stable radiometric
performance among two cover types, bare and grass. The ratio
of surface reflectance to AHSI-derived surface reflectance was

between 0.8 and 1.2 for all the bands, and was consistent with
the reflectance data for the Dunhuang site. The R2 values
were all greater than 0.95 and the spectral angle is all less
than 2◦. The standard deviations of the ratios were less than
3% for each chosen band, which proved that the calibrated
data had a high consistency with the in situ measurements.
Moreover, the cross-validation at the Xuzhou site showed that
the R2 values were 0.947 and 0.981 for the bare soil and
vegetation, respectively. The mean differences between the
AHSI instrument and Landsat 8/Sentinel-2 were all under 0.06,
which further demonstrated that the calibrated reflectance had
a high accuracy. In this way, the calibration coefficients of all
the bands were determined, which we recommend are utilized
to make sure that the AHSI instrument meets the requirement
of accurate radiometric characteristics.
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